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Abstract      

The rise of the gig economy, characterised by short-term tasks, payment per task, and flexible 

working arrangements, has posed numerous questions for researchers and policy makers alike. The 
flexibility of gig work offers benefits to some, but there are also various risks in working in the gig 
economy. The gig economy is under a rapid change, as platforms change the way of doing gig work. 

At the same time, the research on the gig economy is growing. Understanding the multidisciplinary 
and fast growing research field can be demanding. 

 
This thesis aims to address this difficulty by using topic modelling to find latent topics and identify 
trends in the topics in the scientific literature on the gig economy. Unlike with traditional literature 

review methods, topic modelling can be used to a large corpus without much manual work. In this 
thesis, topic modelling is used to find latent topics in the scientific literature and those topics are then 

used in identifying trends in the distribution of topics over time. Then, select recently growing topics 
are review using traditional literature review methods, to understand reasons behind the growth in 
these topics. Furthermore, the literature review is used in finding opportunities for future research. 

 
In this thesis 16 distinct topics were identified in the scientific literature on the gig economy. These 

topics can help researchers in outlining the dynamic and complex research landscape, and in finding 
new research directions. The topics highlight the complexity of the multidisciplinary research field 
and can thereby aid researchers in any field in understanding the research field as a whole. 

 
The trends in the distribution of topics underline, how the research in the field has changed under the 

advent of local gig work, which is gig work mediated through platforms but done on-site. These local 
gig work platforms, such as ride-hailing or food delivery platforms, have made gig work more visible 
and captured the attention of researchers. This is reflected in all the three recently rapidly growing 

topics reviewed using traditional literature review methods. 
 

This thesis highlights some opportunities for future research. First, the most prominent topic in 2021 
was “Covid-19 and food delivery”. Still, there is yet to be much literature on the effects of Covid-19 
on the gig economy. Research on, for example, the effects of Covid-19 on worker participation in the 

gig economy is needed. Second, although the question on gig workers taxonomy under tax and labour 
laws is one of the most prominent questions in the literature on the gig economy, the literature is 

conducted mostly by law researchers. Economics, for example, could focus more on the labour 
economics of this question. 
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1 INTRODUCTION 

The gig economy, characterised by short-term duration of work, flexible working 

arrangements, and project-based pay, has spread across various domains during the 

recent years. It has transformed labour markets in a unique way by introduc ing 

flexibility both in terms of when to work and often also where to work. As a fast-

growing, dynamic, and complex phenomenon, the gig economy has drawn interest 

among policymakers and researchers alike. Research on the phenomenon is mult i-

disciplinary and rapidly growing, and comprehensive literature reviews on the subject 

are limited. This makes understanding the research field as a whole demanding. This 

thesis aims to address this difficulty. 

Gig economy refers to the growing phenomenon of gig work, defined as work 

consisting of short-term tasks, task-based pay, and flexible working arrangements. 

Those tasks range from answering to surveys to designing a web page. Gig work can 

be done online or purely offline, such as in the case of musicians performing gigs. In 

some cases, such as in the case of the growing food delivery phenomenon, the work is 

done on-site even though it is traded online (“local gig work”). 

Although the gig economy seems like a new phenomenon, it has a long history. 

Historically, gig work has often been in the form of informal work and self-

employment. Traditional gig workers include self-employed taxi drivers and 

hairdressers, musicians, and some freelance contractors. The rise of online labour 

platforms changed the landscape of gig work drastically. In online labour markets 

work is conducted purely in online platforms. These platforms are websites or apps, 

wherein communication between gig workers and customers (firms or individuals) is 

facilitated in order to match labour supply and demand. Gig work in online labour 

markets includes microwork, which consists of small tasks, such as clicking on images 

to train machine learning models. But it also includes high-salaried jobs in the IT-

sector and in the creative sector. Through the advent of online labour platforms, such 

as Amazon Mechanical Turk, or Upwork, gig work became more available. The 

availability of gig work has attracted many supplemental earners, who treat gig work 
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as a “side-hustle”. However, for many, it has become the only source of income, 

especially in the lower income groups. 

The most recent trend in the gig economy, however, started only a few years ago. In 

the last ten years the gig economy has become ever more visible in the western world 

as local gig platforms, such as Uber, Deliveroo, and Grubhub, have expanded rapidly. 

In these local gig platforms labour is traded online, but the tasks themselves are 

conducted on-site. For example, in ride-hailing platforms the ride is traded on the 

platform, but the ride takes place on-site. Also, the Covid-19 pandemic affected the 

gig economy in a large scale, as food delivery increased in popularity and 

unemployment in traditional labour markets decreased. 

This thesis aims to find whether, and to what extent, these trends in the gig economy 

are reflected in the topics in the scientific literature on the gig economy. The research 

questions this thesis aims to answer are: what are the main topics and recent trends in 

the scientific literature on the gig economy, and what possible directions are there for 

future research? In this thesis, topic modelling is used to identify core topics in the 

literature. Then, trends in the distribution of topics in the literature are analysed. All 

analyses are performed using R Statistical Software (R Core Team, 2021). Finally, 

relevant literature is reviewed on the recently growing topics to further understand the 

reasons behind the trends, and to find opportunities for future research. 

The data used in this thesis consists of bibliometric data on scientific research articles 

gathered from the Web of Science database. The data includes titles, authors, 

publication years, abstracts, and research areas among other information. The abstracts 

are used in topic modelling and the other metadata are used in identifying trends , 

describing the corpus, and interpreting the topics. 

By using topic modelling and traditional literature review methods, this thesis gives 

policy makers, researchers, and others interested in the phenomenon, a thorough look 

on the scientific research landscape on the subject of gig economy. Furthermore, this 

thesis identifies current trends in the literature, and highlights some opportunities for 

future research. This thesis outlines the multidisciplinary research phenomenon and 

thereby helps researchers in any field in finding possible new research directions to 
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address. Moreover, opportunities for especially economic research are presented based 

on the topics and trends in the literature. 

In this thesis the focus is on the gig economy as opposed to the sharing economy, 

which also has received significant attention recently. Sharing economy refers to the 

various forms of capital sharing. Perhaps the most notable example of sharing 

economy is the popular apartment sharing platform, Airbnb. There is overlap between 

the terms to some extent. Still, the discussion on the sharing economy is outside the 

scope of my thesis, and the focus will be on the gig economy. 

The thesis is organised as follows. The gig economy as a phenomenon is examined in 

chapter two. The definitions, size, characteristics, and trends of the gig economy are 

addressed. Chapter three has two subchapters. The first subchapter describes the data, 

that is, the research articles, using the metadata gathered from the Web of Science 

database. The second subchapter discusses the methodology, namely topic modelling, 

and the pre-processing steps associated with it. Also, choosing the number of latent 

topics to identify in the topic modelling procedure, is discussed. Chapter four has also 

two subchapters. The first subchapter describes the topics identified using topic 

modelling. Some connections between the topics are also addressed. In the second 

subchapter, trends in the topic distribution are analysed. Chapter five has five 

subchapters. In this chapter the three most recently growing topics in the literature are 

review. In the first subchapter, the literature used in the chapter is introduced. The 

second subchapter focuses on the legal taxonomy of gig workers, and its economic 

justification. The third subchapter reviews the literature on algorithmic management 

in gig platforms. The fourth subchapter addresses the literature on the relationship 

between the Covid-19 pandemic and the gig economy, as well as the peculiarities of 

food delivery platforms. In subchapter five, connections between the tree topics are 

discussed. Part six includes discussion and concluding remarks on the results and 

limitations of the thesis as well as possible directions for future research. 
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2 GIG ECONOMY 

2.1 Definitions 

Researchers are yet to reach a conclusion on what exactly is the definition of the gig 

economy. The definitions range from any kind of short-term work to work that is 

mediated and done solely online. Some even include capital sharing platforms or 

online selling under the umbrella of gig economy. Nevertheless, it is essential to 

acknowledge the diversity of meanings behind the phrase. 

Table 1 presents an overview on various definitions researchers have suggested for the 

gig economy. The sample of articles are selected by searching the term “gig economy” 

from Google Scholar and selecting only articles published in journals with a rating of 

at least 3 in the Academic Journal Guide 2021. Furthermore, the articles that do not 

use the term “gig economy” or “gig work”, when talking about the phenomenon under 

study, are dismissed. The first six articles that passed the limitations were included in 

the sample. 

Even with a small sample size the variety of meanings for gig economy is notable. The 

focus of the studies is usually on the growing phenomenon of platform-enabled work. 

Sometimes this phenomenon is referred to as the gig economy (Kost et al., 2020; Wood 

et al., 2019), but other times the gig economy is seen as any (online or offline) one-off 

jobs paid per task or for a predefined time-period (Abraham et al., 2018; Meijerink & 

Keegan, 2019). In some cases, the focus on the platforms is highlighted by using terms 

such as “digital gig work” or “technology-enabled gig work” (Gandini, 2019; A. 

Smith, 2016). 
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Table 1. Some definitions of gig economy in the literature. 

Source Definition of gig economy 

(Abraham et al., 2018) 
“…one-off jobs on which workers are paid for a particular task 

or for a defined period of time.” 

(Gandini, 2019) Digital gig work: work mediated via apps/platforms  

(Kost et al., 2020; Wood et 

al., 2019) 
Work mediated via apps/platforms 

(Meijerink & Keegan, 2019) 

"...the performance of fixed-term activities by individuals (i.e., 

gig workers) who perform a service on-demand for a firm or 

consumer, without actually being employed or having an 

employment relationship with an organization"  

(A. Smith, 2016) 

“…someone is considered a technology-enabled gig worker if 

they earned money in the last year from website or mobile apps 

that: connect workers directly with people who want to hire 

them; require workers to create a profile in order to find and 

accept work assignments; and coordinate payments once the 

task or job is completed.” 

Table 1 highlights the ambiguity in the definitions of gig economy. This is suggested 

also by more comprehensive literature reviews (see, Heeks, 2017; Watson et al., 2021). 

Heeks (2017) and Watson et al. (2021) propose using the term “gig economy” as an 

umbrella term for temporary, one-off jobs paid per task or project. Watson et al. (2021) 

also emphasise loose boundaries for the place and time of work in their definition of 

the gig economy. All gig workers share these core characteristics. Gig workers could 

be self-employed freelancers, microworkers, or even taxi drivers if they share these 

core characteristics (Watson et al., 2021). More specific terms, such as “platform 

labour”, should be used only to emphasise a specific feature, such as platform use 

(Heeks, 2017; Watson et al., 2021). 

This terminology is what will be used in this thesis. This terminology includes work 

mediated without the use of online platforms (e.g., self-employed taxi driving) in gig 

economy, but excludes it from platform labour. Platform labour means any platform-

mediated work whether it is local (e.g., ride-hailing) or global (e.g., Amazon 

Mechanical Turk, hereafter MTurk). However, usually in gig economy literature the 

term “platform” refers to local gig platforms, whereas global labour platforms are 

referred to as “online labour markets” (for review, see, e.g., Mourelatos et al., 2016). 

In this thesis, the term “local gig work” is used to refer to gig work, which is conducted 
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on-site, whereas online labour only includes work mediated and conducted purely 

online. 

Table 2 summarises the terminology for the relevant terms used in this thesis to 

describe various forms of gig labour. The terminology categorises work in the gig 

economy based on whether it is mediated though the use of online platforms, and 

whether the work is done on-site or remotely. Gig work is used as an umbrella term 

and microwork is a distinct category consisting of extremely small tasks. 

Table 2. Terminology of different forms of work in the gig economy. 

Term Definition Examples 

Gig work 

Work which consists of temporary, 

one-off jobs (“gigs”) paid per task 

or project, with loose boundaries on 

time, and sometimes place, of work. 

Self-employed taxi drivers can be 

gig workers, i.e., workers operating 

in the gig economy. 

Platform labour / 

work 

Work in the gig economy, which is 

mediated through online platforms. 

Ride-hailing and food delivery 

platforms as well as microwork 

platforms, e.g., Amazon Mechanical 

Turk, mediate platform work. 

Online labour / work 

Gig work, usually mediated through 

a platform, which is done purely 

online. 

Amazon Mechanical Turk, Upwork, 

Freelancer.com  

Local gig labour / 

work 

Gig work, which is done on-site 

rather than through online 

communication, independent on 

whether it is mediated through a 

platform. 

Food delivery platforms and ride-

hailing platforms mediate local gig 

work. 

Microwork 

Platform labour conducted purely 

online and consisting of micro-level 

tasks. 

Amazon Mechanical Turk, where a 

common task is clicking on images 

to train machine learning 

algorithms. 

In this thesis, the focus will be on the gig economy as opposed to the broader sharing 

economy. Thus, capital intensive forms of the sharing economy, such as Airbnb, will 

be excluded. However, the distinction between capital intensive and labour intens ive 

platforms is sometimes not clear. As highlighted by Freedland and Kountouris (2017), 

it is essential to focus on what happens after the capital needed is purchased. By using 

the term capital intensive, the labour needed to trade the capital is acknowledged, but 

it is fundamentally the capital, which is traded. In Airbnb, it is the clean apartment that 

is traded, not the cleaning of an apartment. But in the case of Uber, the car ride is 

exchanged, not the car, which makes it a labour intensive platform. 
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The etymology of gig economy presents a great way of capturing the essence of the 

term. The word “gig” traditionally refers to a musical event, which for the musician is 

usually a short-term job, which could be either one-off or reoccurring. A music ian 

would also usually be paid for each gig separately and would probably be unsure of 

the continuity of these gigs. All of this is true for any other work in the gig economy, 

and it highlights the essential distinctions between traditional labour markets and the 

gig economy. (Abraham et al., 2018; Woodcock & Graham, 2020, p. 9.) 

2.2 Characteristics 

Although the abovementioned definition for gig economy captures a variety of jobs, it 

does not capture the diversity of those jobs. The gig economy is highly heterogenous 

and complex. Forde et al. (2017) form a useful typological mapping for capturing the 

diversity of the gig economy. Forde et al. (2017) focus on platform labour and base 

their typology on the various levels of autonomy and control as well as the globality 

of the platforms. In figure 1 the typology is expanded to capture the whole gig 

economy by using the level of skill needed for a type of gig as opposed to the platform 

control measure. As platform control is more prevalent in low-skilled labour, the 

position of different types of gigs often stays the same.  

 
Figure 1. Typological mapping of gig economy (adapted from Forde et al., 2017). 
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Many of the problems associated with the gig economy are condensed on the left side 

of the typology (i.e., low-skilled labour). On the left, the most global workers are 

microworkers working in online labour platforms with a global language, usually 

English. In platforms such as MTurk, one task can be only a few seconds or a single 

click. Global microworkers are often used for example to train machine learning 

models. The term “local microworkers” is used to refer to low-skilled labour working 

in platforms, which offer very short-term gigs such as food delivery or ride-hailing. 

Personal service workers, such as carers, need a higher level of skill, and are naturally 

location-dependent. On the right hand side are skilled workers ranging from local 

freelancers and other independent gig workers to the high-flyers often working on a 

range of platforms and projects and being paid accordingly. 

Furthermore, the experiences of gig workers vary both across and within platforms (or 

types of gigs) based on, how dependent workers are on gig work (Manyika et al., 2016; 

Schor et al., 2020). Manyika et al. (2016) broadly categorise gig workers based on 

whether they work primarily in the gig economy and whether they are gig workers out 

of necessity. Workers working primarily and out of necessity in the gig economy are 

often the most vulnerable. From them, the “local microworkers” are under the most 

risk, as they are overly sensitive to regional shocks. Supplemental earners who choose 

to do gig work on the side enjoy the stability of traditional employment as well as the 

flexibility of the gig economy. Workers working primarily on the gig economy out of 

choice are often skilled and have the option of returning to traditional employment. 

The complexity of the gig economy has led to researchers developing various 

approaches for describing it. The approaches often capture one key element of the 

phenomenon but lack a holistic picture. (Vallas & Schor, 2020.) Vallas and Schor 

(2020) identify four such images of platform work and suggest a fifth more complete 

image. Even though they focus on the platform economy, most of the remarks are true 

to the whole gig economy. Vallas and Schor (2020) discuss labour platforms position 

in the surrounding environments. Labour platforms can be seen as manifestations of 

broader trends and the environments in which they operate (Vallas & Schor, 2020). 

The gig economy captures various broader trends such as digitalisation, globalisa t ion 

and increasing outsourcing or the recent shift towards remote working arrangements . 
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The gig economy is inherently dynamic, and due to its flexibility, it seems to adapt 

well into changes in environment. 

The complexity and dynamic nature of the gig economy obstructs measuring the size 

of the phenomenon. There are several studies trying to capture the size of the gig 

economy, but the results vary based on what is defined as gig work and what kind of 

data is available and used (for review, see, e.g., Manyika et al., 2016). 

One of the most notable discrepancies between different kinds of data is the consistent 

differences between survey and administrative data. Administrative data has 

consistently showed higher numbers of non-employee work activity than household 

surveys. (Abraham et al., 2018.) On the other hand, many gig workers are 

supplemental earners and are thus excluded from official statistics (Manyika et al., 

2016). Therefore, surveys measuring both primary and supplemental earning report 

higher numbers of alternative work arrangements than official statistics from either 

administrative data or household surveys. 

Using household survey data, in late 2015 in the United States, as many as 15.8 percent 

of the population worked primarily in the gig economy. In contrast, only 0.5 percent 

of all workers in the United States worked primarily in online labour markets. (Katz 

L. F. & Krueger A. B., 2019.) 

Smith (2016) measures both primary and supplemental platform workers in United 

States. As much as 8 percent of Americans earned money from a gig platform during 

2016. For 56 percent of them platform work was essential or important, and from those 

49 percent did online tasks. This amounts to over two percent of online workers, for 

which online work is essential or important. 

This size increase compared to the 0.5 percent from Katz and Krueger (2019) is likely 

not due to rapid growth of the online gig economy in 2016. More likely it is the result 

of some of the online workers documented by Smith (2016) not working primarily in 

online labour markets, even though they report it as being essential or important. 

Nevertheless, Smith (2016) shows, that official statistics often do not sufficient ly 

capture the size of the gig economy, where supplementary earning is peculiar. 
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Also, official statistics are not homogenous across countries, and neither is the gig 

economy. The population of United States is hardly representative of the total world 

population. Statistics Finland (2022) surveys gig work activities and finds, that in 2019 

about half of Finnish online gig workers, who add up to about two percent of total 

population, are supplemental earners. This is in line with the numbers from United 

States. However, both United States and Finland are developed countries, which 

outsource a large proportion of their labour to countries with lower labour costs. 

Evidence from the Online Labour Index (OLI) suggest that the countries in which 

online gig work is done are vastly different than the countries that buy the labour (Kässi 

et al., 2019). Figure 2 shows the average daily ratio between countries share of global 

online worker supply and share of global online worker demand during 2021. The 

higher the ratio is, the more online workers the country has with respect to online work 

vacancies posted in the country. The ratio cannot be used in absolute terms (e.g., to 

determine the net import of online labour), but it can be used to compare countries. 

The ratio is highest in Bangladesh, Venezuela, and Serbia and lowest in Israel, 

Belgium, and Switzerland. USA has the ninth lowest ratio of the 109 countries with 

available data. Finland has the 38th lowest ratio. (Kässi et al., 2019; own calculations.)  

 
Figure 2. Ratios of shares of global online worker supply and demand in 2021 by country (Kässi 

et al., 2019; own calculations). 

This disparity between countries supplying online labour and countries demanding it, 

poses further challenges for measuring the global gig economy. There is yet to be a 

definitive answer on the size of the gig economy. Still, we can clearly conclude, that 
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it is not a negligible phenomenon. The size of the phenomenon also depends on 

whether one measures the number of gig workers or number of jobs within a country. 

Suggestions for improving household surveys to capture gig work better have been 

made (e.g., Abraham et al., 2018; Kässi & Lehdonvirta, 2018). Also, combining 

administrative data with household surveys could improve accuracy. 

2.3 Trends 

The gig economy is also inherently dynamic, and thus a snapshot would not suffice to 

provide a holistic picture of the phenomena inside gig economy. Gig economy, as 

defined earlier, has a long history. Recently, however, platforms have enabled it to 

grow, and it has become much more prominent in everyday lives. Additionally, self-

employment and zero-hour contracts are on the rise (see, e.g., Adams et al., 2018). 

Consequently, the topic has attracted increasing attention among researchers, and 

describing the trends both in the gig economy and in the scientific literature on the gig 

economy are of interest to many researchers. 

The gig economy is an old phenomenon. For example, for musicians, gig work has 

been a typical way to get earnings for quite some time. However, through 

digitalisation, new forms of organizing gig work have emerged. Online labour 

platforms have drawn attention to the gig economy. Economists have used online 

labour platforms to conduct scientific experiments extensively after Horton et al. 

(2011) demonstrated the potential of these experiments in economics. Additiona lly, 

the effects of online labour platforms on migration have been studied comprehensive ly 

(see., e.g., Altenried, 2021; Gong et al., 2018; van Doorn & Vijay, 2021). 

The Figure 3 shows the OLI 2020 index, which measures employer activity in various 

online labour platforms. Kässi and Lehdonvirta (2018) find, that online labour demand 

(OLI 2020) has high volatility, weekly seasonality, and a growing long-time trend. A 

major proportion of online labour is comprised of technology-related jobs. In recent 

years, this has become even more pronounced. (Stephany et al., 2021.) 
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Figure 3. Online Labour Index (Kässi et al., 2019; own calculations). 

So far, the largest dip in the OLI 2020 -index has been at the start of the Covid-19 

pandemic. The pandemic seems to have reduced online labour demand temporarily, 

but it has also boosted the gig economy in various ways. Remote work and alternative 

work arrangements have increased in popularity due to restrictions and unemployment. 

Additionally, the demand for food delivery services has increased (Puram et al., 2021). 

Online gig platforms have been in place for a long time before local labour platforms 

emerged, but the advent of local labour platforms draw large scale focus into the gig 

economy. The term gig economy was coined in 2009 to describe platform labour (Tran 

& Sokas, 2017). However, the term became popular among the public only after local 

gig work had become visible in everyday lives mostly due to ride-hailing and food 

delivery apps. Figure 4 plots the indexed number of select gig platforms searched from 

Google from 2005 to the start of 2022. The values are 14 day simple moving averages 

of scaled values. Values are scaled so, that for each search term, the highest value is 

100. This makes the popularity of the search terms incomparable, but it helps us 

identify trends in the popularity of the search terms. 
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Figure 4. Search term popularity over time for different gig economy platforms  (Google Trends, 

n.d.; own calculations). 

Online labour platforms, such as MTurk and guru.com, have been used from the start 

of the century. Local labour platforms, such as Uber (founded in 2009) and Doordash 

(founded in 2013) emerged years later. The popularity of the term gig economy grew 

only after about 2015, when the “uberization” of various fields was well under way. 

After the Covid-19 pandemic started, the popularity of the term had a large spike. Uber 

has suffered in popularity during the pandemic and so has MTurk. Doordash, just like 

many other food delivery companies, has continued its growth in popularity during the 

pandemic. Even though the data is not exhaustive, it highlights the most recent trend 

in the gig economy, which is the emergence of local gig platforms. 

The gig economy is a fast-growing, complex, and dynamic phenomenon, and as such 

it poses various challenges to policy makers and researchers alike. This thesis aims to 

assess how, and whether, the recent and rapidly changing trends in the gig economy 

have affected the scientific literature on the phenomenon. This is essential for 

navigating the literature and for identifying needs for further research. The most 

topical trend in the gig economy is the advent of local gig platforms. In this thesis topic 

modelling is used to find latent topics and trends from the scientific literature on the 

gig economy. The results are used in evaluating whether the trends in the gig economy 

are reflected in the topics, and whether the topics and trends in the literature reveal 

potential gaps to consider in future research. 
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3 FINDING TOPICS 

3.1 Gig economy literature 

The data used for topic modelling are queried from Web of Science using terms “gig 

economy” and “online labour markets” for all fields. The keywords were selected by 

comparing the results using various search terms, including “crowdsourcing” and 

“platform labour”. Fewer terms were settled on, because additional keywords 

increased search results only slightly. The query was made on 28.01.2022, and it got a 

total of 1517 search results. These results were further filtered to only include articles  

written in English. After this filtering, the total number of articles reduced to 1428. 

The data was not filtered based on research fields both to ensure a sufficiently large 

corpus size and to find areas for possible multidisciplinary research. 

Figure 5 plots the number of articles per year. The number of articles about the gig 

economy has grown rapidly. There were over six times more articles written about the 

gig economy in 2021 than in 2016, only five years before. 

 
Figure 5. Gig economy literature over time. 

This sudden growth in gig economy literature may be partially affected by the gig 

economy becoming increasingly visible in everyday lives. This is especially true in the 
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western world, where majority of scientific literature is published. The article 

distribution by country in the corpus is analysed using the bibliometrix package (Aria 

& Cuccurullo, 2021) and plotted on the map in figure 6. United States and United 

Kingdom produce about 42 percent of the English gig economy articles. United States 

is the most productive country with an almost 30 percent share of articles. 

 
Figure 6. Distribution of gig economy literature by country. 

The research on gig economy is mostly conducted in the western world, in which gig 

work is typically seen as local gig work (e.g., ride-hailing and food delivery) and 

online labour markets are used by employers rather than employees. Figure 7 plots the 

number of articles and the online labour supply divided by online labour demand by 

each country along with the estimated linear regression line. There is likely no causal 

relationship between the variables, and the negative correlation is probably due to 

omitted variable bias. Yet, it clearly shows that the countries, wherein gig economy is 

researched are generally countries, where online labour is demanded more than 

supplied. This probably has had some effect on the topics prevalence and trends in gig 

economy literature. 
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Figure 7. Shares of online labour supply divided by demand and the number of gig economy 

articles by country (Kässi et al., 2019; own calculations). 

The Web of Science database categorises the articles to various areas of research. The 

collected literature is categorised to 135 unique research areas. A research article in 

the final corpus is assigned to on average 1.4 research areas, so the results are 

somewhat ambiguous. Table 3 shows the distribution of articles by research areas, with 

at least 10 articles per research area. Because an article can be assigned various 

research areas, the relative shares do not add up to 100 percent. 

Table 3. Distribution of articles by research areas. 

Web of Science category Number of articles Share of articles, % 

Economics 300 21.2 

Management 215 15.2 

Industrial relations & labour 197 13.9 

Sociology 158 11.2 

Business 83 5.9 

Education & educational research 73 5.2 

Communication 62 4.4 

Law 46 3.2 

Social sciences, interdisciplinary 44 3.1 
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Political science 43 3.0 

Geography 41 2.9 

Information science & library science 39 2.8 

Computer science, information systems  37 2.6 

Psychology, applied 34 2.4 

Environmental studies  33 2.3 

Public, environmental & occupational health 30 2.1 

Operations research & management science 29 2.0 

Business, finance 27 1.9 

Ergonomics 24 1.7 

Multidisciplinary sciences 23 1.6 

Environmental sciences 21 1.5 

Computer science, interdisciplinary applications  20 1.4 

Development studies 20 1.4 

Psychology, multidisciplinary 18 1.3 

Cultural studies 17 1.2 

Green & sustainable science & technology 15 1.1 

Public administration 13 0.9 

Transportation 13 0.9 

Social issues 13 0.9 

Hospitality, leisure, sport & tourism 12 0.8 

Telecommunications 11 0.8 

Health policy & services 10 0.7 

Urban studies 10 0.7 

Computer science, artificial intelligence 10 0.7 

Anthropology 10 0.7 

Engineering, electrical & electronic 10 0.7 
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Demography 10 0.7 

Other categories 339 23.9 

Economics has the most articles about the gig economy. Management, industr ia l 

relations and labour, and sociology have notable shares of articles as well. Overall, the 

literature on gig economy is very fragmented and multidisciplinary further 

complicating it. 

The distribution of research areas studying the gig economy over time is plotted in 

figure 8. Only the eight most prominent research areas are plotted to keep the figure 

simple. Together they constitute about 80 percent of the literature. Economics seems 

to have become interested on the gig economy later than sociology, which has been 

the most prominent research area in gig economy literature for most of the time. 

Industrial relations and labour as well as law became increasingly interested in the gig 

economy around 2015, when local gig work started to become widespread. Local gig 

work transformed labour markets and made gig work more visible especially in the 

western world, where gig economy is primarily researched. 

 
Figure 8. Distribution of articles by research areas over time. 

The most frequent keywords in the literature along with their respective number of 

occurrences are shown in table 4. “Covid-19” is the second most used keyword in the 

literature. The pandemic affected the gig economy in various ways. For many gig 
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workers, the risks of the gig economy were realised (Apouey et al., 2020). However, 

due to rising unemployment and implementation of lockdown policies the attraction 

of (online) gig work might have increased (Huang et al., 2020). Also, the demand for 

food delivery, which just so happened to have been transformed by the advent of gig 

platforms a few years before, grew rapidly during the pandemic (Richardson, 2020). 

Table 4. Most frequently used keywords in gig economy literature. 

Keyword Number of occurrances 

Gig economy 223 

Covid-19 50 

Employment 49 

Sharing economy 49 

Gender 40 

Work 40 

Platform economy 38 

Crowdsourcing 35 

Labour market 31 

Economy 30 

Uber 29 

Gig work 27 

Online labour markets 26 

Platform work 26 

Social media 26 

Labour 25 

Precarity 25 

China 24 

Digital platforms 23 

Unemployment 23 
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Even though the keywords are largely missing from the corpus, they still confirm that 

the articles focus mainly on the phenomena related to gig economy. The importance 

of digital platforms for modern gig economy is also represented in the keywords. 

Gender and discrimination as well as (un)employment related issues seem to also be 

popular in gig economy literature. 

3.2 Methodology 

3.2.1 Topic modelling 

Topic modelling is increasingly being used in communication research. The topic 

model implemented in this thesis is Latent Dirichlet Allocation (LDA) introduced by 

Blei, Ng, and Jordan (2003). LDA is today the most used approach to topic modelling 

for textual data (Asmussen & Møller, 2019; Li & Lei, 2021). 

LDA assumes, that documents and topics in the documents are generated by sampling 

words from Dirichlet distributions. This assumption is a major simplification, but it 

offers computational advantages. Documents are assumed to be a collection of topics, 

some more prominent than others. The words in a document appear from the word 

distribution determined by the relative shares of topics the document consists of. (Blei 

et al., 2003.) 

More specifically, LDA assumes that documents are generated using the following 

process (Blei et al., 2003): 

1. Choose the number of words in the document, 𝑁 ~ 𝑃𝑜𝑖𝑠𝑠𝑜𝑛(𝜉). 

2. Choose the distribution of topics in the document, 𝜃 ~ 𝐷𝑖𝑟(𝛼). 

3. For each of the 𝑁 words, 𝑤𝑛: 

a. Choose a topic 𝑧𝑛~𝑀𝑢𝑙𝑡𝑖𝑛𝑜𝑚𝑖𝑎𝑙(𝜃). 

b. Choose a word 𝑤𝑛 from 𝑝(𝑤𝑛|𝑧𝑛,𝛽), a multinomial probability 

conditioned on the topic 𝑧𝑛. 
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Figure 9 captures LDA as a probabilistic graphical model. Parameter 𝛼 is a corpus 

level parameter determining, how equally distributed the topics are within the 

documents. Parameter 𝛽 is also a corpus level parameter sampled once for the corpus, 

and it defines the distribution of words in the corpus. Variable 𝜃 is a document level 

variable, affecting the topic distribution within a document, and 𝑧 and 𝑤 are word level 

variables, which are sampled once for each word in a document. Parameter 𝑧 affects 

the topic of each word and parameter 𝑤 affects the word. 𝑁 denotes the number of 

words in a document and 𝑀 denotes the number of documents in a corpus. (Blei et al., 

2003.) 

 
Figure 9. Plate notation of LDA (adapted from Blei et al., 2003). 

In fitting the model, the underlying parameters are tuned and the likelihood of the 

documents in the corpus being generated by the generative process given the 

parameters is maximised. There are numerous ways for estimating the underlying 

parameters. In this thesis, Gibbs sampling is used. After estimating the parameters, the 

articles can be assigned a topic distribution. These topic distributions can then be used 

in finding literature on given topics or, for example, finding trends in the distribution 

of topics over time. 

In a traditional literature review the number of analysed articles is limited, whereas 

topic modelling can be used to much larger corpora. The strength of a traditiona l 

literature review is the possibility to get a deep understanding of some of the topics 

discussed in the literature. However, topic modelling can help identify latent topics, 
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which could go unnoticed using only manual reading. This is due to it allowing for a 

more comprehensive analysis on a subject, because a larger proportion of research 

papers can be included. 

Maier et al. (2018) identify four decision steps in applying LDA: pre-processing, 

choosing number of topics (k), evaluating, and interpreting the results, and validat ing 

the generated topics. The pre-processing steps can influence the results of the LDA-

model, and caution needs to be exercised when determining the pre-processing steps 

and their ordering. The post-processing, which is evaluating, interpreting, and 

valuating the results, is the most challenging and time-consuming part of the 

procedure, but caution in the preceding steps can reduce the challenge significantly. 

After post-processing, the topics can be used for exploring the literature further. Topic 

modelling can highlight important research questions and help in exploring the 

scientific landscape. The scientific articles can be categorised based on what topics 

they possess. Furthermore, the articles can be ranked based on the prevalence of each 

topic. This helps both in identifying and validating the topics, but also in exploring the 

literature more effectively. In this thesis, topic modelling is essentially used to organise 

the literature to a digestible form. Furthermore, the topics are used to conduct an 

exploratory literature review on select topics. 

3.2.2 Pre-processing 

Before topic modelling can be used, the literature must be pre-processed to quantitat ive 

data. The final corpus consists of abstracts of all the research papers described above. 

Before topic modelling can be done, the corpus must be tokenised (transformed into 

collection of words). Also, the words must be in manageable form and irrelevant words 

need to be removed. 

Determining the relevance of terms is difficult. The size of the corpus and the 

documents among limiting factors such as computational power need to be evaluated 

before determining the approach for pre-processing the data. The final corpus used 

here is relatively small, so computational factors have little influence. However, 
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irrelevant terms are removed, to reduce noise. A smaller corpus can also result in less 

stochastic inference, when topic modelling is applied (Maier et al., 2018). 

For tokenisation, removing stop words and other irrelevant words, lemmatisation, and 

filtering words based on their frequencies, the order of pre-processing suggested by 

Maier et al. (2018) is used. First duplicate abstracts are removed, and the abstracts are 

tokenised. Then the tokens are converted to lower-case. Numbers and punctuation are 

removed. Then standard English stop words, as well as one letter words (e.g., 

abbreviations such as p. for page) are removed. 

Then the words are lemmatised. Lemmatisation is used instead of stemming to help in 

post-processing. In a highly specialised and technical corpus, important words may be 

excluded from a dictionary, which is needed for lemmatising (Murakami et al., 2017). 

However, stemming can interpret derivationally related words as the same, which can 

both interfere with the next pre-processing step and in interpretation of the stemmed 

words in post-processing (Maier et al., 2018). Also, for the documents used in this 

paper, stemming resulted in fewer unique words, possibly suggesting that stemming 

would result in information loss. After lemmatisation, words occurring in less than five 

documents are removed. The pre-processing steps thus far are implemented using the 

tm package (Feinerer & Hornik, 2020). 

Then words are weighted by their TF-IDF (“term frequency – inverse document 

frequency”) and words with a TF-IDF below the median TF-IDF are removed. The 

weighting is used to evaluate the importance of a given word for a document. TF-IDF 

is higher for words with high frequency in the document and low frequency in other 

documents. The formula used for calculating TF-IDF is 

𝑇𝐹𝐼𝐷𝐹𝑡,𝑑 = 𝑇𝐹𝑡,𝑑 ∗ 𝐼𝐷𝐹𝑡,𝑑 =
𝑓𝑡,𝑑

∑
𝑓𝑡′ ,𝑑

𝐷𝑡′ ∈𝑑

∗ ln (
𝐷

𝑓𝑡,𝐷

), 

where 𝑡 is a word (“term”), 𝑑 is a document, and 𝐷is the number of documents in the 

corpus. 𝑓𝑡,𝑑 is the frequency of word 𝑡 appearing in document 𝑑. Essentially, to 

calculate the term frequency, the frequency of the word appearing in a single document 
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is divided by the average frequency of a word appearing in the same document. The 

inverse document frequency is calculated by taking the logarithm of the number of 

documents in the corpus divided by the frequency of the word appearing in the corpus. 

A frequent word might be more frequent in some documents than in others. 

The strength of using TF-IDF for filtering terms, is that it considers the terms 

importance to a document instead of its importance to the corpus. It does not remove 

terms, which are unimportant for the corpus, if they are relatively important for the 

document. Also, it removes terms, which are relevant for the corpus, if they are 

relatively unimportant for the document. While removing frequent words removes 

them from all documents, TF-IDF leaves the words in the documents where they are 

relatively frequent. A word might, for example, be frequent in the corpus, but even 

more frequent in some topic. Removing the frequent term from all documents could 

then remove valuable information. 

Table 5 lists the pre-processing steps and their descriptions as a summary. The 

procedures are listed in their order of execution, which can critically affect the 

performance of the process as highlighted by Maier et al. (2018). 

Table 5. Pre-processing steps and their descriptions. 

Procedure Description 

Tokenisation 
Tokenisation was implemented using the tm package 

(Feinerer & Hornik, 2020). 

Removal of stop words and other 

irrelevant words and punctuation 

Punctuation was removed. Standard English stop words, 

such as “the, as, from, have”, were removed. Words 

containing only one character, such as “p” for page, were 

removed. This step was executed using the tm package 

(Feinerer & Hornik, 2020). 

Lemmatisation 
The words were lemmatised using the tm package  (Feinerer 

& Hornik, 2020) 

Removal of too frequent and too 

infrequent words 

Words appearing in less than five documents were 

removed. Words with TF-IDF (“term frequency – inverse 

document frequency”) below the median TF-IDF for the 

words, which were still left on the corpus, were excluded. 

In calculating TF-IDF, the frequency of the word appearing 

in a single document is divided by the average frequency of 

a word appearing in the same document. The inverse 

document frequency is calculated by taking the logarithm of 

the number of documents in the corpus divided by the 

frequency of the word appearing in the corpus. 
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After pre-processing, and removing duplicates from the pre-processed corpus, the 

number of documents is 1 417, and the number of words is 23 133, from which 1 939 

are words with a unique lemma. The words are used on average 18 times in the pre-

processed corpus, and the most used word after pre-processing is used 318 times. 

3.2.3 Choosing 𝑘 

Determining the proper number of topics (parameter k) can be hard, and there are no 

deterministic quantitative measures for evaluating the right k. In this thesis, various 

performance measures are used, and the final number of topics is determined by 

assessing the interpretability and perplexity. This is the approach suggested by 

Asmussen and Møller (2019). 

To evaluate the efficiency of the LDA model with a given k, the FindTopicsNumber-

function from the ldatuning package (Murzintcev, 2020) was used. The output of the 

FindTopicsNumber-function with a limit of 60 topics is shown in figure 10. In 

estimating the optimal number of topics, the metrics should be analysed together with 

the time available for interpreting the results. The return in form of reduced perplexity 

shows diminishing returns to scale, while the costs of interpreting additional topics is 

constant. In terms of identifying trends in the topics, too large number of topics can 

even reduce the usefulness of the topic classification. 
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Figure 10. Output of FindTopicsNumber-function with a single iteration. 

In determining the proper number of topics to include, the metric should not be 

minimised (or maximised depending on the metric) per se. Instead, the resources 

available for interpreting the topics should be used to determine, when the reduced 

perplexity of the topics does not compensate for the additional workload needed to 

interpret the results. 

Accounting for the available resources, most metrics in figure 10 seem to suggest the 

number of topics to be in the range of 10–20. However, the results after only one 

iteration seem somewhat unclear for the method suggested by Cao et al. (2009). To 

better evaluate the optimal k and reduce the impact of stochastic inference, the metric 

is calculated with 10 separate iterations. The results of the 10 iterations and the average 

values per number of topics are shown in figure 11. 
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Figure 11. Cao et al. (2009) LDA-performance scores for 10 iterations, and the average values. 

From figure 11 we see that the performance does not increase substantially after about 

15 topics. Given the results seen in figures 10 and 11 and the limitations in time and 

resources for interpreting the topics, 15–20 topics seems to be optimal. After fitting 

the LDA topic model with 𝑘𝑘 ∈ [15,20] and examining the words with highest betas in 

each topic, the model with 𝑘𝑘 =  16 was chosen. 16 topics seem to offer the best 

information in terms of the topics’ interpretability and distinctiveness. 
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4 TOPICS IN GIG ECONOMY LITERATURE 

4.1 Scientific topics 

In this thesis, the topicmodels package (Grün & Hornik, 2011) is used to fit the LDA 

topic model using Gibbs sampling with the parameters set by Asmussen and Møller 

(2019). The topics are then labelled and described, and possible prominent research 

questions are highlighted. In labelling the topics, words with the highest topic 𝛽 in 

each topic are used together with the titles and abstracts of the research articles with 

high topic weights. The articles whole text is used when needed to describe the topics 

and identify relevant research questions in the literature. 

The results of these steps can be seen from table 6. The results show the words with 

the highest topic 𝛽’s for each topic, as well as the labels and descriptions of the topics. 

The description column also highlights prominent research questions in the topic. The 

topic labels demonstrate the complexity of the research field. The topics range from 

management related questions to questions about the legal status of gig workers. 

The topics in the literature confirm, that the characteristics and trends of the gig 

economy, described in chapter two, are reflected in the scientific literature on the gig 

economy. The advent of labour platforms is reflected in many of the topics. For 

example, topic six places high emphasis on ride-hailing, and topic 16 discusses 

conducting experiments in online labour platforms. In fact, platform labour seems to 

dominate the topics in the literature on the gig economy almost to the extent of 

effectively excluding other growing forms of gig work, such as self-employment and 

zero-hour contracts. 



34 

Table 6. Topics in gig economy literature. 

Topic Words with highest topic 𝛽 Description & research questions 

1. Mobility 

Mobility, migration, migrants, occupational, 

immigrants, welfare, foreign, migrant, free, 

constraints 

Mobility in the form of migration and occupational mobility. How do online labour markets affect 

migration? Why are gig workers in local gig platforms often immigrants? How does the gig economy 

affect occupational mobility? 

2. Managing crowd 

workers 

Task, customers, crowdsourcing, treatment, 

effort, customer, crowd work, crowd, rating, 

crowd workers 

Management and crowd work. How to manage and motivate (gig) workers? 

3. China’s informal 

economy 

Internet, informal, China, paid, industries, 

formal, Chinese, creative, sex, remote 

The informal economy is a major part of the Chinese economy. Gig platforms offer some formality 

to the gig economy in China. How does the emergence of gig platforms affect the informal economy 

in China? 

4. Discrimination & 

recruitment 

Sharing, discrimination, hiring, applicants, 

ethnic, recruitment, candidates, postings, 

versus, history 

(Ethnic) discrimination in the gig economy, and its implications. The gig economy allows new ways 

of discrimination as power is often shifted to customers. On the other hand, gig platforms offer new 

ways to study discrimination in recruiting. 

5. Health 

Health, young, care, youth, programs, 

unemployed, insurance, mental, transitions, 

disabilities 

Effects of working without employment status to health and implications to policymakers. 

6. Algorithmic 

management & digital 

space 

Drivers, uber, algorithmic, urban, on-

demand, city, cities, algorithms, space, 

capitalism 

Algorithmic management in the gig economy and building digital space. How algorithmic 

management affects workers and their well-being? How gig platforms shape cities digital space?  

7. Finding talent 
Skills, skill, occupations, skilled, staff, 

HRM, ICT, India, soft, investment 
Which skills are on demand, and how to find talent in online labour markets? 

8. Covid-19 & food 

delivery 

Covid-19, pandemic, food, delivery, 

distribution, consumption, consumer, retail, 

home, resilience 

The effects of the Covid-19 pandemic to food delivery and the gig economy. Gig economy platforms 

have transformed food delivery. The Covid-19 pandemic further boosted the popularity of food 

delivery. For many gig workers, Covid-19 realised the risks of working in the gig economy. 

9. Law 

Law, collective, contractors, protection, tax, 

contract, union, self-employed, cases, 

contracts 

Legal questions regarding the gig workers status. Should gig workers be classified as independent 

contractors or employees under tax law and under labour laws? The topic places high emphasis on 

collective labour law and unions. 
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10. Gender & 

inequality 

Women, gender, men, female, inequality, 

class, preferences, women’s, household, 

children 

Gender differences in labour market outcomes in the gig economy, and work-life balance in the 

presence of remote work. 

11. Trade mechanisms 

in labour platforms 

Search, trade, reputation, price, freelancers, 

matching, seekers, prices, rural, probability 

How labour is traded in the gig economy with limited information? The platforms role in building 

trust and guiding hiring decisions. 

12. Marketing 
Media, values, identity, construction, virtual, 

brand, corporate, game, sites, generation 

Creative gig work, e.g., social media marketing. How do gig workers construct their identity? How 

does gig economy shape the marketing field? 

13. Platform learning 

Students, learning, graduates, language, 

competencies, school, teaching, courses, 

teachers, employability 

The intersection of online on-demand learning and online labour markets: gig workers providing 

teaching services, and gig workers from the life-long learning perspective. 

14. Wage 

Firms, wage, wages, earnings, minimum, 

choice, productivity, degrees, entry, 

indicators 

(Minimum) wage and the gig economy. How gig work affects earnings , and what is the relationship 

between gig workers and minimum wage? 

15. Networks 

Agency, entrepreneurial, networks, 

precarity, communities, south, neoliberal, 

resistance, entrepreneurship, networking 

Gig workers face difficulties in trying to organise. This poses challenges to collective resistance and 

makes them all the more precarious. How do gig workers organise networks among other workers? 

How do gig workers take collective action, when they lack employment status and therefore cannot 

form traditional labour unions? 

16. Psychology and 

behaviour 

Career, financial, MTurk, satisfaction, 

psychological, experiments, emotional, 

subjects, cognitive, anxiety 

Using online labour platforms to conduct behavioural experiments and to find insights on human 

behaviour. 
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The complex relationship between the gig economy and mobility is explored in topic 

one. The gig economy can be seen as a new, frictionless way of outsourcing labour to 

countries with less regulation and smaller labour costs (see figure 6). However, it can 

also be seen as a way of migrating into labour markets in another country (Gong et al., 

2018). In online labour market, country borders play a lesser role and other boundaries, 

such as language come into play. As the countries offering gigs are markedly different 

from the countries where gig work is done, the topic offers crucial questions for 

researchers. In addition to the discussion on workforce flows in the global labour 

market, this topic discusses immigrants role in local gig work (van Doorn & Vijay, 

2021) and occupational mobility in the gig economy (Stanek & Ramos, 2013). 

Topic two focuses on management issues related to the emergence of the completely 

new labour form, crowd work. Crowd work poses new challenges to managers, but it 

also raises opportunities for researching workers motivations. New experimenta l 

research on crowd working platforms can offer insights for other management 

environments also (see, e.g., Chen et al., 2021). 

The China’s informal economy is discussed in topic three. The gig economy has been 

a large part of the Chinese economy far before the development of the term. A major 

proportion of Chinese people work outside formal employment relationships. 

However, the emergence of platform labour, has shaped the informal economy in 

China. It can, in fact, reduce the prevalence of the informal economy, and somewhat 

legitimise workers status (Weber et al., 2021). It also introduces algorithmic control to 

the work environment and could give policy makers more power over the gig 

economy. 

Online labour markets offer a great environment for studying discrimination and biases 

in recruiting (see, e.g., Leung, 2017). Ethnic discrimination and recruitment are 

discussed in topic four. This topic is topical also because platform workers are often 

controlled by complex algorithms, which use customer feedback. This can give 

consumers direct power over workers, and thus establish a new form of discrimina tion 

(Newlands, 2021). 
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Topic five explores the health implications of working in the gig economy. Gig 

economy can allow working for workers, who are not capable to work full-t ime, 

because of their health. But the precarity inherent in the gig economy can reduce 

mental health, although the effects of gig work to health are complex and context-

specific (see, e.g., Berger et al., 2018; Yuan et al., 2022). Gig workers often do not 

have health insurances and can be more vulnerable to health threats. 

Topic six examines algorithmic management and digital space. Even though the gig 

economy offers flexibility, platforms also introduce a new way of controlling workers. 

Platforms also contribute to the ever more prevalent digital space in modern societies. 

It is important to study the way in which platforms affect digital space and control our 

behaviour. Algorithmic management is most prevalent in local gig platforms, which 

also have disrupted cities digital space to a considerable extent in the recent years. 

The implications of online labour markets to recruiting practices are analysed in topic 

seven. On one hand recruiting for a small gig can be less risky than recruiting a full 

time employee. On the other hand, there is often limited information and less time to 

build trust between the recruiter and the worker. 

The Covid-19 pandemic has impacted the gig economy to a large extent. This is 

studied in topic eight. The gig economy was shaped by lockdown policies, 

unemployment, and voluntary social distancing. Food delivery platforms became more 

popular (Puram et al., 2021), and the rising unemployment as well as lockdown 

policies enhanced the attractiveness of online labour platforms. 

Legal questions regarding gig workers are explored in topic nine. There are numerous 

legal questions regarding the protection of gig workers’ rights. One of the fundamenta l 

topics of debate is whether gig workers should be considered as independent 

contractors or employees in tax law and in labour laws. 

Topic 10 discusses gender and the gig economy. In the gig economy, the consumer 

has more power over workers. The consumer often is the recruiter and customer 

feedback have a substantial effect on workers. This alters the nature of gender 

discrimination in the workplace. The flexibility of online labour markets and remote 
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work also have effects on work-life balance especially, but not uniquely, for women 

(Benavides Rincón & Montes Martínez, 2020). 

In topic 11, the labour trading mechanisms in the gig economy, especially in online 

labour platforms, are analysed. Labour platforms role is to match supply with demand, 

but the platforms can substantially limit the information available for different parties 

of exchange. Platforms are also vital in building trust between the parties of exchange 

(Moreno & Terwiesch, 2014). 

Marketing related issues are examined in topic 12. Casual forms of gig work are 

increasing in popularity especially in the marketing field. Social media marketing and 

content creation are rapidly growing in popularity (see, e.g., Scolere et al., 2018; 

Sjöblom et al., 2019). 

The opportunities and challenges raised by online learning platforms are assessed in 

topic 13. The gig economy has influenced learning due to the development of online 

labour platforms focusing on teaching services (Panaligan & Curran, 2022). Online 

learning platforms offer a new way of studying learners teaching preferences and 

learning patterns. 

Wage-related issues are discussed in topic 14. Minimum wage laws regularly do not 

apply to gig workers, who do not have an employment status. Research questions in 

this topic include, for example, would consumers be willing to pay more for services 

to increase gig workers’ wages (B. Smith et al., 2021). In the gig economy, wages are 

also directly affected by productivity. On the other hand, different payment schemes 

and wages can influence productivity. 

Topic 15 focuses on the networks gig workers build. Gig workers often lack unions 

and platforms work as black boxes further complicating workers possibilities for 

collective action. However, even the gig economy is not without collective resistance 

(see, e.g., Lei, 2021). 

Online labour markets offer a cost-effective and simple method to conduct 

experiments in a real labour market (Horton et al., 2011). Topic 16 is about 
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psychological and behavioural experiments conducted in online labour platforms, such 

as MTurk. Understanding human behaviour is of upmost importance for psychologists 

and economists alike. 

Table 7 present the shares of topics in gig economy literature. The shares are calculated 

from numbers of articles with highest shares of each topic. Because there are numerous 

articles, which have equal topic weights for two or more top topics, the shares do not 

add up to 100 percent. Topic nine, law, has the most articles, followed by topic 13, 

platform learning. 

Table 7. Prevalence of topics in gig economy literature. 

Topic Number of articles Share of articles in corpus, % 

1. Mobility 87 6.1 

2. Managing crowd workers  96 6.8 

3. China’s informal economy 94 6.6 

4. Discrimination & recruitment 98 6.9 

5. Health 103 7.3 

6. Algorithmic management & 

digital space 

122 8.6 

7. Finding talent 83 5.9 

8. Covid-19 & Food delivery 90 6.3 

9. Law 143 10.1 

10. Gender & inequality 113 8.0 

11. Trade mechanisms in labour 

platforms 

84 5.9 

12. Marketing 113 8.0 

13. Platform learning 130 9.2 

14. Wage 107 7.6 

15. Networks 109 7.7 

16. Psychology and behaviour 94 6.6 

The topics are not uniquely distributed among different fields. Figure 12 shows the 

distribution of topics in the 15 most prevalent Web of Science categories. Topic nine, 

law, makes up most of the literature in law journals, and topic 13, platform learning, 

is by far the most popular topic among education and educational research literature 

on the gig economy. In economics, topic 14, wage, has the highest share, which might 

be in part due to field-specific vocabulary. Otherwise, the topics in the literature on 
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the gig economy in economics journals seems to be quite evenly distributed. The 

distribution of topics among fields is perhaps most useful in identifying opportunit ies 

for multidisciplinary research. For example, topic nine, law, is mostly addressed by 

researchers in the field of law. However, political science is also interested in the topic, 

and, as demonstrated in subchapter 5.2., the topic offers interesting research questions 

for economists as well. 

 
Figure 12. Topic distribution in the 15 most prominent Web of Science research areas. 

Figure 13 plots the distribution of topic weights, 𝛾, in the corpus (for all topics in all 

documents). The topic weights are skewed to the right, meaning that a given document 

is likely to focus on a few topics. For the most prevalent topics in the documents, the 

average topic weight is approximately 16 percent. This indicates that there could be a 

large share of articles with no distinct focus on any of the given topics. This number 

could be somewhat distorted, however, because some of the articles focus on more 

than one topic, which limits the share of a single topic. In fact, 176 documents have an 

equal weight in two or more top topics. 
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Figure 13. Distribution of topic weights in the corpus. 

The co-occurrences of topics with a weight over 12 percent are plotted in figure 14. 

The threshold of 12 percent was chosen by comparing results with several thresholds 

and by observing the distribution of topics in figure 13. In a total of 233 articles had 

two or more topics with over 12 percent weight. Topics eight and six and topics 13 

and seven appear together most often in these articles. The articles about topics eight 

and six combine technology and algorithms either with food delivery (see, e.g., Popan, 

2021), or with the pandemic (see, e.g., Zukin, 2020). 
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Figure 14. Topic co-occurrence matrix for topics with over 12 percent weight in a document. 

4.2 Trends in the distribution of topics 

The trends in the distribution of topics is used to determine, whether the trends in the 

gig economy are present also in the literature. The distribution of topics can be 

calculated using various methods. Here, the documents are only allocated one topic, 

which has the highest topic weight 𝛾. This is done to reduce noise, and to highlight the 

trends in the distribution of topics. 

Over time the topics have generally become more equally distributed. In figure 15, the 

Herfindahl-Hirschman Index (HHI) is used to determine, how equally the topics are 

distributed. During the first years the topics distribution became less equal, but after 

year 2003, the topic distribution in the literature has smoothed. The measure is rather 

volatile before 2010, when the number of articles started to increase. The number of 

articles each year has a direct effect on the measure, because the number of possible 

topics is limited by the number of articles. For example, in 2005, there were only four 
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articles published about the gig economy, and the minimum value for the Herfindahl-

Hirschman Index was 0.25. 

The HHI adjusted with the number of articles1 each year shows, that the 16 topics are 

distributed more equally largely because the rising number of articles allows for a more 

equal topic distribution. The spike in 2022 is again largely due to there being only a 

few articles published in 2022 in the corpus. 

 
Figure 15. Herfindahl-Hirschman Index of topic distribution over time. 

For only six years from 2016 to 2021, have all the topics been present in the literature. 

During that time, topics six, eight and nine, rose from being among the least common 

topics to being the most popular topics. This indicates that the recent emergence of 

local gig platforms has, indeed, affected the trends in the literature also. The shift in 

the topic distribution around 2015 took place, when local gig platforms started to 

become popular. Even though food delivery is an old phenomenon, gig platforms 

started to spread rapidly to the food delivery sector around 2015. Around the same 

time, the ride-hailing industry became overflowed with gig platforms. This sudden 

                                                 
1 The minimum value for the HHI is subtracted from the HHI, i.e., the minimum value for the measure 

is set to zero. 
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emergence of local gig platforms made gig work, and its precarity, more visible 

especially in the countries, wherein gig economy is most researched. 

The share of documents about each topic over time is shown in figure 16. During the 

first few years in the literature, only few topics were represented. This is to be expected 

as the number of articles was small up until around 2010. After 2015, the number of 

articles published took a leap as noted before, and the volatility in the prevalence of 

topics dropped. 

 
Figure 16. Share of topics in gig economy literature per year. 

Figure 17 plots the number of articles about topics six, eight, and nine over time. After 

2015 the share of articles about topic eight, Covid-19 and food delivery, started to 

increase, and after the pandemics start in 2020, the topic boosted its popularity notably. 

The research on gig economy increased rapidly after 2015 with the growth being 

fastest in topic 9, law. As gig work became more observable, the scientific focus was 

drawn on the legal status of gig workers. In fact, topics eight and nine were the most 

popular topics in gig economy literature during 2021. Topic six was the third most 

popular topic, alongside topic 12, marketing. Algorithmic management, discussed in 

topic six, is more prevalent in local gig economies, than it is in online labour markets , 

which often support work even in multiple fields. This clearly illustrates, how the focus 
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of the most recent research on the gig economy has been on addressing the new 

location-based forms of platform work. 

 
Figure 17. Number of articles by topic over time. Topics six, eight, and nine are highlighted. 

In economics, the increasing focus on local gig work is not as drastic. Figure 18 plots 

the number of articles by the most prevalent topic over time in economics journals2. 

Again, topics eight and nine are among the most popular topics in 2021. But topic six, 

algorithmic management and digital space, is not as popular in economics journals. In 

turn, topic 14, wage, has received much attention in economics journals, as seen earlier 

in figure 12. This again, might be somewhat distorted by the field-specific vocabulary 

in economics journals. 

                                                 
2 Journals are filtered by their Web of Science category and the Academic Journal Guide 2021 field. If 

either of those are economics, the journals are accepted. 
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Figure 18. Number of articles by topic over time in economics journals. Topics six, eight, nine and 

14 are highlighted. 

Topic 14 discusses, for example, would consumers accept higher prices for services 

offered by gig platforms in order to raise the wages in the gig economy (B. Smith et 

al., 2021). Minimum wage is a stable topic in the journals, which have a high share of 

topic 14. The discussion on minimum wage is linked to the gig economy, where 

workers often lack the right to minimum pay. However, topic nine, law, seems to offer 

a more direct discussion on gig workers and whether or not they should have these 

employee rights. Moreover, the discussion on collective labour law, which topic nine 

places a high weight on, seems to be a more recent research interest among economists. 

Finally, because of the low number of articles per year and topic, it is hard to clearly 

verify any trends in the topics in journals on economics. 

For the abovementioned reasons, in the next chapter, the focus will be on topics six, 

eight, and nine. These topics are used in reviewing the most recent research interests, 

in evaluating their relationship with the trends in the gig economy, as well as in finding 

potential areas for future research. 
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5 RECENT RESEARCH INTERESTS 

5.1 Research articles 

In this chapter, the focus is on the three most popular topics in recent (2021) gig 

economy literature. In selecting these topics, the trends identified in the previous 

chapter, are emphasised. Additionally, the trends in the gig economy are stressed, so 

as to find how these trends have affected the topics in the literature. The most recent 

trend is the emergence of local gig platforms. Topics six, eight, and nine all focus on 

local gig platforms, which makes them all the more topical. Topic six places the 

highest weights for the terms “Uber” and “driver”. Topic eight places high emphasis 

on terms referring to food delivery. The popularity of topic nine, on the other hand, 

can be seen as a direct outcome of the emergence of local labour platforms, which 

made gig work more visible and increased collective contention among gig workers  

(Chesta et al., 2019; Cini et al., 2021). 

To understand the essence of these topics, select articles are reviewed. For this step, 

the articles were not classified into a single topic. Instead, the articles were selected 

among the ones with the highest shares for a given topic. This ensures, that articles are 

not dismissed based on a high weight for a topic, which is not in the focus of this thesis. 

In addition, the Academic Journal Guide 2021 rating (AJG 2021), and the relevance 

of the article to the topic of the thesis is evaluated along with the citation information 

available from Web of Science. Moreover, because the AJG 2021 rating is not 

available for all journals, the Publication Forum rating was used. 

The articles gathered from the corpus are shown in table 8. All of the articles have a 

high share in some of the topics six, eight, or nine. Furthermore, some articles work as 

links between these topics. For example, the article by Lei (2021) assesses all of the 

topics discussed in this chapter. 
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Table 8. Articles about recent research interests. 

Title 
Journal title / Working paper 

series 
Author(s) 

Publication 

year 

AJG 2021 

-rating 

Most prevalent 

topic(s) / topic 

weight 

The Economic Basis of the Independent Contractor Employee 

Distinction 
Texas Law Review Posner E 2020 NA 9 / 0.20 

Some Reflections on the ‘Personal Scope’ of Collective 

Labour Law 
Industrial Law Journal 

Freedland M, 

Kountouris N 
2017 3 9 / 0.29 

With or without U(nions)? Understanding the diversity of gig 

workers’ organizing practices in Italy and the UK 

European Journal of Industrial 

Relations 

Cini L, Maccarrone V, 

Tassinari A 
2021 3 9 / 0.15 

Rethinking Legal Taxonomies for the Gig Economy: Tax Law, 

Employment Law, and Economic Incentives  

University of Oxford Legal 

Research Paper Series 

Adams A, Freedman J, 

Prassl J 
2018 2 9 / 0.18 

Delivering Solidarity: Platform Architecture and Collective 

Contention in China’s Platform Economy 
American Sociological Review Lei Y 2021 4* 9 / 0.18 

Solving the 'Gig-saw'? Collective rights and platform work Industrial Law Journal Doherty M, Franca V 2020 3 9 / 0.20 

Monopsony in Online Labor Markets  
American Economic Review: 

Insights 

Dube A, Jacobs J, Naidu 

S, Suri S 
2020 3 16 / 0.13 

Mobile workers, contingent labour: Migration, the gig 

economy, and the multiplication of labour 
Environment and Planning A Altenried M 2021 3 1 / 0.31 

Uber Happy? Work and Well-being in the "Gig Economy" Economic Policy 
Berger T, Frey C, Levin 

G, Danda S 
2018 3 6 / 0.25 

Algorithmic control and gig workers: a legitimacy perspective 

of Uber drivers 

European Journal of 

Information Systems 

Wiener M, Cram W, 

Benlian A 
2021 4 6 / 0.23 

“Just-in-Place” labor: Driver organizing in the Uber workplace 
Environment and Planning A: 

Economy and Space 

Wells K, Attoh K, 

Cullen D 
2021 3 6 / 0.23 

Algorithmic Surveillance in the Gig Economy: The 

Organization of Work through Lefebvrian Conceived Space 
Organization Studies Newlands G 2021 4 6 / 0.18 
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Algorithms at work: The new contested terrain of control 
Academy of Management 

Annals 

Kellogg K, Valentine M, 

Christin A 
2020 4* 6 / 0.28 

OK computer: Worker perceptions of algorithmic recruitment 

OK computer: Worker 

perceptions of algorithmic 

recruitment 

Fumagalli E, Rezaei S, 

Salomons A 
2022 4* 6 / 0.17 

Unemployment and worker participation in the gig economy: 

Evidence from an online labor market 
Information Systems Research 

Huang N, Burtch G, 

Hong Y, Pavlou P 
2020 4* 6 & 14 / 0.09 

The Side Hustle Safety Net: Precarious Workers and Gig 

Work during COVID-19 
Sociological Perspectives 

Ravenelle A, Kowalski 

K, Janko E 
2021 NA 8 / 0.12 

Last-mile challenges in on-demand food delivery during 

COVID-19: understanding the riders' perspective using a 

grounded theory approach 

International Journal of 

Logistics Management 

Puram P, Gurumurthy 

A, Narmetta M, Mor R 
2021 1 8 / 0.31 

Challenges and opportunities in crowdsourced delivery 

planning and operations 
4OR 

Savelsbergh M, Ulmer 

M 
2022 2 8 / 0.29 

Labour activism and social movement unionism in the gig 

economy. Food delivery workers' struggles in Italy 
Partecipazione e Conflitto 

Chesta R, Zamponi L, 

Caciagli C 
2019 NA 8 / 0.12 

Gig Workers during the COVID-19 Crisis in France: Financial 

Precarity and Mental Well-Being 
Journal of Urban Health 

Apouey B, Roulet A, 

Solal I, Stabile M 
2020 NA 8 / 0.16 

Platforms, Markets, and Contingent Calculation: The Flexible 

Arrangement of the Delivered Meal 
Antipode Richardson L 2020 3 8 / 0.20 

Platform Work During the Covid-19 Pandemic: A Case Study 

of Glovo Couriers in Poland 
European Societies Polkowska D 2021 NA 8 / 0.17 
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5.2 Classification of gig workers 

This subchapter reviews literature with high shares of topic nine, law. The literature 

mainly consists of articles discussing the status of gig workers. This question has 

reached wide attention and as a result topic nine is the most popular topic in the whole 

corpus. Local gig labour has become widespread through the advances in technology 

and the advent of labour platforms. Local gig work has made the gig economy and its 

precarious nature more visible to policymakers and researchers alike. Moreover, local 

gig work has made regulating labour platforms more manageable as opposed to online 

gig work, where workers are scattered around the world. Perhaps most notably, the gig 

economy has made it more common for non-employees to perform work similar to 

work performed by employees. As a result, increasing attention has been drawn to the 

fundamental question: should gig workers be classified as employees and gig 

platforms as their employers? 

To approach this question, it is useful to consider a scenario, in which a gig worker, 

previously classified as an independent contractor, is reclassified as an employee. As 

a contractor, she would have flexibility to decide when, and sometimes where, to work. 

She could own her work equipment, such as a car in the case of ride-hailing. At any 

time, she would be free to leave the platform or work on another platform. She could 

be allowed to negotiate with her customers or set her price. When reclassified as an 

employee, she would have the right to minimum pay, protection against unfair 

dismissal, and eligibility for unemployment benefits. She could join labour unions and 

engage in collective bargaining. Her employee status would affect her taxation. 

Depending on the actions of the platform, she could be required to work at certain 

times, and thus not be defined as gig worker anymore. In fact, platforms could offer 

flexibility to workers as a means to classify workers as independent contractors (Lei, 

2021; Newlands, 2021). And when it fails, it would be expected that some of that 

flexibility would be revoked. On the other hand, platforms could increase manager ia l 

emotional labour, which is now minimised to avoid employee status. This could reduce 

conflicts and increase worker satisfaction. (Lei, 2021.) 

For platforms, there are various policy incentives to treat workers as independent 

contractors (Adams et al., 2018). Those incentives include less regulation, less 



51 

taxation, and fewer liabilities towards workers. Also, as independent contractors, 

workers bear a higher amount of risk associated with daily operations, as they often 

own their work equipment, whereas an employee would have to supply the work 

equipment. 

Also, workers can have various incentives to work as contractors rather than 

employees. A worker could expect higher take-home earnings, because of less taxation 

and performance based payment (Adams et al., 2018; Lei, 2021). Flexibility of 

working arrangements can also be attractive especially for supplemental earners. In 

fact, Uber drivers have reported higher life satisfaction, than other workers. (Berger et 

al., 2018.) Depending on the individuals risk aversion, gig work could be more 

attractive than working as an employee if the expected benefits outweigh the risks. For 

an employee, the risks of hiring an employee can be higher. This also means, that the 

barrier of entry is often lower in the gig economy making it attractive for people, who 

face difficulties in finding traditional employment. Some immigrants are not eligib le 

to work in their country of residence, and many of them rent an account registered by 

someone eligible to work (Altenried, 2021). 

The working conditions of an independent contractor vary widely between platforms, 

but they are still fundamentally different from those of an employee. The differences 

come down to tax laws and independent and collective labour laws, which sometimes 

have differing taxonomies for gig workers (Adams et al., 2018). Whereas collective 

labour law considers the tripartite relationship of employees, employers, and labour 

unions (e.g., rights for collective bargaining), individual labour law focuses on matters 

between the employee and employer (e.g., right to minimum wage and protection 

against unfair dismissal). Most of the discussion on the distinction between 

independent contractors and employees has focused on individual labour law 

(Freedland & Kountouris, 2017). In the corpus used for topic modelling, however, the 

collective aspect of the personal scope of labour law was emphasised. 

Even before the rise of the gig economy, high earning individuals have had an 

incentive to work as contractors to minimise their tax burden. At that time, the 

discussion was mostly about taxation and income conversion in high income jobs, such 

as doctors and lawyers. However, in the debate about the classification of gig workers, 
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with typically low incomes, policy incentives for workers have played a lesser role. 

Instead, researchers have focused on labour law. (Adams et al., 2018.) Here, I will 

focus mostly on the personal scope of collective labour law and its economic basis. 

The discussion on worker taxonomy in the gig economy is tied to the discussion on, 

who are gig workers, and what constitutes a worker to start with. Should the frame of 

this discussion be extended to people outside the definition of a gig worker, and should 

we include for example people hiring their flat in Airbnb in the discussion? Typically, 

the high levels of capital investment needed to work in platforms such as Uber have 

contributed to the courts decisions on excluding gig workers from scope of collective 

labour laws (Doherty & Franca, 2020; Freedland & Kountouris, 2017). Freedland and 

Kountouris (2017) argue, that it is important to focus on what happens after the init ia l 

investment in capital: is it fundamentally the capital or the labour that is traded? This 

reasoning would include gig workers, as defined in chapter one, in the discussion. 

The economic basis for collective labour law can be analysed by treating labour law 

as protection against labour monopsony (i.e., labour market with a single buyer). In 

conventional labour markets workers are relational, meaning that the firm, the worker, 

or both receive rents from the coordination between them. In other words, the existing 

relationship between the worker and the firm is somehow more attractive for the 

worker, than the outside options. Outside options could, for example, be applying for 

other firms, in which case job search costs could make the firm monopsonistic. For 

some, the most relevant outside option could be applying for government benefits, 

which could be lower, than the current wage, again giving the firm monopsony power. 

The firm can then exploit this condition and pay the worker less than the worker’s 

marginal revenue product. (Posner, 2021.) 

A monopsonist firms profit maximisation problem is: 

𝑚𝑎𝑥
𝐿

𝑅(𝐿) − 𝑤(𝐿)𝐿, 
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where 𝑅(𝐿) is the firms revenue function net of other input costs, and 𝑤(𝐿) is the 

inverse labour supply function. The first order condition for the maximisation problem 

is: 

𝑑𝑅

𝑑𝐿
= 𝑤 +

𝑑𝑤

𝑑𝐿
𝐿 , 

where the right-hand-side is the marginal labour cost, and the left-hand-side is the 

marginal revenue product. If labour supply is perfectly elastic, that is 
𝑑𝑤

𝑑𝐿
= 0, the 

equilibrium outcome is in the intersection of the labour supply curve and margina l 

revenue product, just like in a perfectly competitive labour market, where each firm 

takes wage as given. (Boal & Ransom, 1997.) 

Figure 19 illustrates the monopsonistic labour market. The firms revenue maximis ing 

choice is to pay a wage (𝑊1 ), which makes the marginal labour cost (𝑀𝐿𝐶) and 

marginal revenue product (𝑀𝑅𝑃) equal. Collective bargaining can be used to set a 

minimum wage, 𝑊2 , as workers collectively decide not to accept work below the 

market wage. This creates a kink into the supply curve and hence a discontinuous 𝑀𝐿𝐶 

curve. The optimal choice for the firm is then to pay 𝑊2  and employment rises from 

𝐿1 to 𝐿2 assuming the firm stays in operation after the decrease in profits. (Boal & 

Ransom, 1997.) 
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Figure 19. Monopsonistic labour market. Adapted from Robinson (1969/1933, p. 220). 

So, the economic justification for collective bargaining is, that by allowing it in 

relational labour markets, the deadweight loss in monopsonistic markets is reduced to 

zero. The deadweight loss relative to the competitive outcome is given by: 

∫ (𝑀𝑅𝑃(𝐿) − 𝑤(𝐿))𝑑𝐿
𝐿2

𝐿1
, 

where, again, 𝐿1 is employment under monopsony, and 𝐿2 is employment in a 

competitive market. 

Employees are protected from monopsony by labour unions, which can organise 

strikes against employees exercising monopsony power. Collective bargaining thus 

ensures, that workers are paid their marginal revenue product. Non-relational workers, 

however, are protected by markets and do not need the protection of collective labour 

law, because their labour supply is perfectly elastic. In competitive labour markets, the 

competition among buyers has effectively set the “minimum wage”, because a worker 

will only accept a job, which pays her marginal revenue product. In fact, collective 

bargaining without employment status could be treated as a cartel. Using this 
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framework, employee status should be based on whether the worker is relational and 

thereby subjectable to monopsony power. (Posner, 2021.) 

Another option for making labour supply perfectly elastic, and thus preventing 

monopsonies from paying less than the marginal revenue product, is setting 

government benefits for the unemployed. A government benefit essentially works as a 

minimum wage because a worker, who is paid less than the government benefit, will 

choose the government benefit over working. (Posner, 2021.) This could explain some 

of the high share of immigrants working in the gig economy, as they often have the 

misconception of not being eligible for government benefits (Ravenelle et al., 2021) 

or lack documentation (Altenried, 2021). In other words, labour supply might be less 

elastic for immigrants, than it is for others (Boal & Ransom, 1997) making them more 

vulnerable to monopsony exploitation. 

There is, however, economic reasons also for excluding some workers from the scope 

of collective labour law. Labour sellers in perfectly competitive markets engaging in 

collective bargaining can be treated as organising price-setting cartels. Collective 

bargaining, which is effectively wage setting, is protected from antitrust laws in the 

case of employees, but often does not extend to gig workers. (Doherty & Franca, 

2020.) The essence of the discussion, then, is whether gig workers should have the 

negative right to be protected from antitrust laws. There have, in fact, been instances, 

where attempts of self-employed freelancers to engage in collective bargaining have 

been declared unlawful under competition laws (Doherty & Franca, 2020; Freedland 

& Kountouris, 2017). Considering the economic justification for collective bargaining, 

namely the case of monopsony, the question on whether gig workers should be 

excluded from the scrutiny of antitrust laws depends on the market structure (Posner, 

2021). 

The distinction between relational and non-relational platform workers can be 

difficult. Platforms can be seen merely as labour markets in which the worker supplies 

her labour and customers demand it. Then, workers would operate in competitive 

markets and would be protected against monopsony without collective labour law. In 

some cases, however, the platform could be a monopsonist (e.g., in a concentrated 

market). (Posner, 2021.) Posner (2021) suggests testing for monopsony (by measuring, 



56 

for example, the cost of exit) in order to determine, whether a worker should be 

classified as an employee. A measure for monopsony could, however, be too 

sophisticated for use in court. 

In practice, in determining the status of a worker, courts have relied on various other 

measures. Those measures include the level of control exerted by the platform over 

their workers, workers integration into the platforms organisation processes, and how 

risk is distributed among the platform and the worker (Doherty & Franca, 2020; 

Posner, 2021). Furthermore, some countries have introduced new categories for 

workers in between the employees and self-employed. In some instances, gig workers 

are allowed joining unions established for the self-employed. (Doherty & Franca, 

2020.) 

Antitrust laws prevent individual contractors from organising strikes against gig 

platforms. In addition, the automatization of their work and direct competition between 

workers increases barriers for collective action. Still, there have been various cases of 

collective contention among gig workers (see, e.g., Johnston & Land-Kazlauskas, 

2019; Lei, 2021). The legislative and organisational barriers for collective contention 

among gig workers have resulted in creative and innovative ways to organise collective 

action outside traditional channels (Chesta et al., 2019; Cini et al., 2021). 

The future of local gig work is largely dependent on the classification of gig workers 

in both individual and collective labour law. In this thesis, the emphasis is on collective 

labour law, whereas a large part of the literature focuses on individual labour law 

(Freedland & Kountouris, 2017). The argument of protecting workers from 

monopsony could of course be used in the context of individual labour law as well, as 

minimum wage can also be used to protect workers from monopsony. Although, too 

high minimum wages could increase unemployment even in perfectly competitive 

labour markets. Also, the discussion on labour law and the gig economy focuses 

mainly on local gig platforms. However, there is evidence on monopsony in online 

labour markets, perhaps more so than in local gig platforms (Dube et al., 2018). 

It is important to acknowledge the complexity of the discussion. The justifica t ion 

behind worker taxonomies, and thereby the discussion on them, varies greatly between 
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collective and individual labour laws and tax law. Also, the laws guide the discourse, 

and there are differences in laws among countries. For example, in Finland, wages are 

determined by collective agreements rather than minimum wage law (Occupational 

Safety and Health Administration, 2021). Furthermore, while recognising its 

uniqueness, the discussion should not be limited to platform work, as self-employment 

and other forms of gig work increase in popularity (see, e.g., Adams et al., 2018). 

This topic, as demonstrated here, is rather intricate. It is an ongoing debate and has 

understandably brought about much discussion. The question on classifying gig 

workers is one that needs to be addressed, and the discussion must continue as gig 

work evolves. Although this question is mostly addressed in law journals, the topic 

highlights important questions for labour economists as well. 

5.3 Algorithmic management 

In this subchapter, the literature with high shares in topic six, algorithmic management 

and digital space, is reviewed. The topic has two dimensions, which both explore the 

effects of digital gig platforms. From these dimensions, algorithmic management is 

the one this subchapter focuses on. Algorithmic management is one of the most 

prominent topics in the recent gig economy literature, and it is linked to topics nine 

and eight. 

Lei (2021) shows qualitative evidence, that gig workers discontent is mainly about 

algorithmic control and lack of active emotional labour rather than being classified as 

independent contractors (at least in the Chinese case of food delivery). Despite the 

flexibility of working arrangements in the gig economy, gig platforms control their 

workforce in many ways. Gig platforms avoid human management over workers to 

prevent workers being classified as employees. Instead, they implement various 

algorithmic control measures and algorithmic management. Platform workers under 

algorithmic control still retain flexibility over some aspect of work. But the 

automatization of management has also allowed for micromanagement at scale, a way 

of “digital Taylorism” over other aspects of work. (Lei, 2021.) 
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In platform work, algorithms are used to distribute, and sometimes terminate human 

labour, monitor, and discipline workers, confirm their identity, and remunerate for 

their work (Lei, 2021; Newlands, 2021). By means of algorithmic monitoring, workers 

are calculated various performance metrics. Those metrics, which could include for 

example task acceptance rate and consumer ratings, are then used to distribute, 

discipline, or even terminate labour as well as to calculate their pay. Algorithms are 

also used to communicate real-time information between consumers, workers, and 

managers (Kellogg et al., 2020). 

Indeed, surveillance of gig workers often consists of a tripartite relationship between 

consumers, managers, and algorithms. Consumers, through algorithmic control, are 

given direct power over workers. Consumer ratings can be used to distribute labour or 

even to dismiss workers. Consumers can often monitor gig workers through digita l 

interfaces. Managers often operate only reactively to contract dispatchers about 

possible concerns. (Newlands, 2021.) Both consumers and managers can monitor the 

worker. The worker knows she can be monitored but cannot see when it happens. 

The tripartite surveillance relationship and the lack of protection against unfair 

dismissal, for example, can be stressful for workers, and workers often monitor their 

own behaviour in the fear of surveillance (Kellogg et al., 2020; Wells et al., 2021). The 

surveillance relationship bears remarkable resemblance to Foucault’s (1977) 

“panopticism”. The atomisation of platform workers (Wells et al., 2021) is what 

Foucault calls individualisation. Workers are atomised, although sometimes without 

success, so as to prevent them from acting collectively (Wells et al., 2021). Power in 

gig platforms is distributed to customers, algorithms, and managers, so that the worker 

knows, at all times, that she can be monitored, without the need for constant individua l 

monitoring. Effectively, the “panopticism” of the platform design extends the 

platforms surveillance to the minute details of the workers actions. 

The lack of active emotional labour by human management can be harmful both for 

the worker and the platform. Algorithms often work as a black box (Kellogg et al., 

2020; Lei, 2021). This coupled with take-it-or-leave-it clickwrap agreements and the 

lack of emotional labour in management can result in worker protests. Yet, platforms 
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are incentivised to minimise human management, as it could lead to the workers being 

classified as employees. (Lei, 2021.) 

Workers perception of algorithmic control depends on multiple factors. Wiener, Cram, 

and Benlian (2021) compress these factors in to three dimensions: autonomy, fairness, 

and privacy. Gig workers do not view algorithmic control as “bad” per se, if 

algorithmic control measures are deemed legit. That is, if the measures allow enough 

autonomy for workers, seem fair, just, and reasonable, and appropriately respect their 

privacy (Wiener et al., 2021.) If any of these dimensions is violated, workers can 

express their discontent by protesting. Indeed, often the lack of emotional labour can 

diminish workers perception on the legibility of algorithmic control’s fairness, and 

lead to collective contention (Lei, 2021). 

In addition to algorithmic management of existing gig workers, algorithms are often 

used in recruitment especially in online labour markets. Algorithmic recruitment is 

perceived as less error-prone in evaluating workers performance, and workers with 

good performance scores tend to prefer algorithmic recruitment (Fumagalli et al., 

2022). Conversely, there has also been extensive critique on the use of algorithms as 

they can repeat and even amplify the biases of the input data (for review, see, Kellogg 

et al., 2020). 

Nevertheless, there is also extensive literature on the economic value of algorithms 

(for review, see, e.g., Kellogg et al., 2020). Algorithms can help consumers make 

consumption decisions by using the consumers revealed preferences and then 

recommending goods based on those preferences. The algorithm can see the whole 

collection of goods, whereas for a single consumer it would be realistically impossib le. 

Even for platform workers, algorithmic control can be beneficial, when it is used to, 

for example, increase workers’ safety (Kellogg et al., 2020). Algorithmic gamifica t ion 

can also improve productivity and better engage workers to the platform (Lei, 2021). 

The creative use of algorithms changes the market. Platforms coordinate complex 

networks of gig workers, customers, and sometimes other firms, such as restaurants, 

to offer a uniform good. By doing that, they significantly reduce the costs of decision 

making by restricting the possible choices awarded to the customers. Some of the 
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growth in popularity of on-demand-food-delivery could undoubtedly be attributed to 

the creative use of algorithms in organising a gig economy consisting of customers, 

gig workers, and restaurants. (Richardson, 2020.) 

The future of algorithmic management in the gig economy is also dependent on the 

classification of gig workers. If workers are classified as employees of the platform in 

which they operate, the platforms could increase their level of emotional labour 

thereby improving the experience of algorithmic management. If the level of control 

by platforms is used as a test for the employment relationship, platforms would be 

incentivised to increase gig workers flexibility and reduce algorithmic control. (Lei, 

2021.) There are already examples of platforms giving their workers increased 

flexibility, for example, by allowing workers to negotiate their prices (Posner, 2021). 

Topic six, works as a bridge between topics eight and nine. This topic focuses on the 

effects of platforms, and as such it is justifiably among the most popular topics in the 

literature. The discussion on the effects of platforms to digital space and to 

management is important for the discussion on classifying these platform workers. 

This discussion also lays the foundation for addressing perhaps the most recent trend 

in local gig platforms: the emergence of food delivery platforms. This, as well as the 

Covid-19 pandemic, is addressed in topic eight. 

5.4 Covid-19 and food delivery 

Topic eight, Covid-19 and food delivery, is quite possibly the most topical topic found 

using topic modelling. The recent advent of food delivery platforms has made the gig 

economy ever more visible and expanded gig worker even more. This has stirred 

extensive amounts of scientific literature. The popularity of these platforms was further 

boosted by the Covid-19 pandemic, which has had numerous other effects on the gig 

economy. 

The gig economy was largely shaped by the Covid-19 pandemic and the resulting 

economic downturn. Unemployment surged, countries implemented various lockdown 

policies, and people engaged in “social distancing” in order to prevent the spread of 

the virus. In turn, remote working and interest in online labour markets increased. 
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Google search activity for the term “gig economy” saw a large spike at the start of the 

pandemic (Google Trends, n.d.). 

At the same time, for many gig workers, the risks associated with working as an 

independent contractor realised. The Covid-19 pandemic and the resulting lockdowns 

and social distancing caused arguably the largest shock in the history of local gig 

economy platforms. The demand for ride-hailing plummeted (see figure 4), whereas 

the demand for meal and grocery delivery soared (Richardson, 2020). Many gig 

workers stopped working, and many of those who continued earned considerably less 

(Apouey et al., 2020). However, the effects of the pandemic on gig workers were 

heterogenous, and some workers, for example, in the food delivery sector did not 

notice a negative impact on their livelihood (Polkowska, 2020). 

There is a two-fold relationship between unemployment and the gig economy. On one 

hand, gig workers are especially vulnerable to economic downturns as they often lack 

the social safety nets associated with an employee status. On the other hand, 

unemployment in local (traditional) labour markets can increase the attraction of gig 

work as outside options are limited (Huang et al., 2020). And again, this lack of outside 

options can make gig workers all the more precarious. 

The precarity of gig work is emphasised in the literature. Flexibility draws people into 

the gig economy (Berger et al., 2018), but flexibility is often also demanded from gig 

workers. In fact, gig platforms regularly incentivise working inflexibly, that is, 

working fixed hours rather than taking on occasional gigs (Puram et al., 2021). Still, 

gig platforms retain their flexibility and use it to match demand and supply in real 

time. This makes gig workers, for whom gig work is often the only source of income, 

particularly vulnerable to shocks in the market. 

Gig workers precarity is also amplified by factors outside the legal barriers stemming 

from the lack of employment status. The lack of knowledge about social safety nets as 

well as sociological and financial barriers further highlights the precarity of gig work. 

Gig workers often do not know about being eligible for government benefits, mainly 

because they are often immigrants, they work less than full-time, and they can be paid 

in cash. Others do not want to apply for benefits because of sociological expectations. 
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For some, the wait for government benefits would be financially too hard. As a result, 

during Covid-19, many workers relied on gig work as their main source of income. 

(Ravenelle et al., 2021.) 

For many, online labour markets can be a temporary safe heaven during economic 

downturns. (Huang et al., 2020.) Online labour markets have decreased the barriers for 

labour migration, and thus even temporary economic downturns, can now increase 

labour outflow. Thus, online labour markets can substitute for physical migrat ion 

(Gong et al., 2018; Huang et al., 2020). This was magnified during Covid-19, as 

countries implemented restriction on travel. However, the Covid-19 pandemic was 

global, and affected essentially all labour markets, decreasing the incentives for 

migration. In fact, employer activity in online labour markets dropped during Covid-

19 (see figure 3). 

During the pandemic, lockdown policies as well as voluntary social distancing led to 

a sudden and drastic increase in the popularity of on-demand food delivery. The trend 

has made the gig economy more visible, and it can be argued that the visibility has 

given gig workers a voice and thus more power over platforms especially in food 

delivery. (Chesta et al., 2019. Cini et al., 2021) This increased power and creative 

forms of collective contention can affect the future of gig economy and is seemingly 

reflected in the discussion on the personal scope of labour law. 

The literature on the relationship between Covid-19 and the gig economy is limited. 

Even though topic eight, Covid-19 and food delivery, is the most prominent topic in 

recent gig economy literature, it only constitutes a small percentage of the total corpus. 

Additionally, a large part of the articles with a high weight for topic eight, do not focus 

on the pandemic but only on food delivery in the gig economy. The popularity of this 

topic seems to be a combination of researchers being interested in the growing market 

for the delivered meal, and Covid-19, which also contributed to the demand for on-

demand-food-delivery. As noted earlier, some of the growth can be attributed also to 

the use of algorithms in organising complex networks and thereby reducing the 

customers transaction costs. 
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The literature on food delivery platforms emphasises the complexity and uniqueness 

of the market for a delivered meal. Food delivery has a long history, but recently gig 

platforms changed the industry to a large extent. Typically, couriers have worked for 

a single restaurant or a chain of restaurants. Traditional couriers are often employed 

by the restaurant (chain) and work stable hours with an hourly pay. In gig platforms, 

workers perform tasks (deliveries) and get paid per task. Some food delivery 

companies also operate a platform, in which workers are employees and work with 

hourly pay. (Lei, 2021.) 

Food delivery platforms use sophisticated algorithms to not only match supply with 

demand, but also to coordinate complex networks of various actors (Richardson, 

2020). The algorithmic design for worker coordination is complex. Typically, food 

delivery platforms compensate3 for a delivered meal per delivery, but also based on 

the length of the delivery trip. The cost of travelling in between deliveries, however, 

is not compensated, which places an incentive for workers to work on densely 

populated areas. In a typical food delivery platform, possible tips are placed before the 

delivery, offering incentives to pick up an order with a tip. (Savelsbergh & Ulmer, 

2022.) 

Food delivery platforms, although seemingly similar, are distinct from ride-hailing 

platforms. Dynamic pricing (i.e., price setting based on observed demand and supply) 

is prevalent in ride-hailing but not in food delivery platforms. This is because 

consumers in the market of a delivered meal pay primarily for the meal and only 

secondarily for the delivery. A non-delivered meal is then a substitute good for a 

delivered meal making the demand for a delivered meal elastic. (Savelsbergh & Ulmer, 

2022.) 

Non-dynamic pricing limits the design of algorithms in food delivery platforms. One 

prominent question regarding the compensation design in food delivery platforms is 

whether dynamic compensation should be used. Under dynamic pricing, implementing 

                                                 
3 Compensation refers to the payment made for the gig worker, whereas pricing refers to the price paid 

by consumers. 
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dynamic compensation is simpler. Though, even without dynamic pricing, a platform 

might want to compensate more for a given delivery based on, for example, the time 

until the delivery is due to ensure customer satisfaction. (Richardson, 2020.) 

The growth in topic eight is a combination of growth in food delivery gig platforms, 

and the pandemic, which especially affected food delivery. The research on food 

delivery platforms emphasises the complexities of the coordination of networks. There 

is yet to be much literature on the effects of the pandemic on the gig economy, 

however. Future research could, for example, focus on the effect of Covid-19 on 

worker participation in the gig economy. 

5.5 Links between recent research interests 

Topics six, eight, and nine share some common characteristics. The LDA algorithm 

used in this thesis assumes topics to be independent, thus ramifying exploring the 

linkages between the topics. The algorithm aims at finding as distinct topics as possible 

and does not allow for correlations between the topics. Still, by searching for articles 

with high topic shares in more than one topic, these links can be clarified to an extent.  

Some articles do indeed focus on more than one of these three topics. Figure 14 shows, 

that topic six has high shares in some articles, where also topic eight or topic nine have 

high shares. Topics eight and nine, do not often co-occur, but topic six can be seen as 

a link between these topics. Furthermore, a common characteristic to these topics is 

the emphasis on local gig platforms. 

The article by Lei (2021), which discusses collective contention in Chinese food 

delivery platforms, has relatively high shares of both topic six and topic nine. Lei 

(2021) argues that the lack of human labour in the way algorithmic management is 

implemented in gig platforms has led to collective contention among gig workers. 

Lei’s (2021) article highlights, how algorithmic management is used to avoid the 

classification of platform workers as employees. In some sense, the article provides 

two links between topics six and nine. Firstly, algorithms (topic six) are used to avoid 

employment status (topic nine). Secondly, the lack of emotional labour due to the use 

of algorithms (topic six) has resulted in collective contention among gig workers (topic 

nine). 
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In turn, Popan (2021) discusses algorithmic management as well as digital space 

specifically in food delivery platforms, in that way combining topics six and eight. 

Even though the article also explores collective contention, which is also a focus in 

topic six, the share of topic six in the article is low. This is due to the abstract lacking 

much reference to the theme of collective actions taken by the couriers in food delivery 

platforms. 

The chosen topics are also not detached from the other topics. Topic 14, wage, is the 

most popular topic in economics, and it has a direct connection to topic nine. The 

discussion on gig workers classification under labour laws is directly connected to the 

discussion on minimum wage, and some articles in the corpus have high shares for 

each of these topics (e.g., Zwinger & Brameshuber, 2018). There are vast amounts of 

literature on the effects of minimum wage and collective bargaining on wages and 

employment. This discussion, however, is outside the scope of this thesis. 

The most stable connection between the three topics is the focus on local gig platforms. 

Algorithmic management and the problems associated with it are more common on 

local gig platforms, where tasks are uniform, and workers are easier to monitor. Topic 

six also focuses on digital space, which often highlights how local labour platforms 

create and transform the digital space of cities. The topic has a high topic 𝛽 for the 

words “driver” and “Uber”. Topic eight, on the other hand, emphasises food delivery 

platforms, which together with ride-hailing platforms make up a large part of local gig 

platforms. Topic eight has a high topic 𝛽 for the words “food” and “delivery”. 

Furthermore, topic nine, and the discussion on the classification of gig workers, 

revolves mostly around local gig workers for various reasons. The discussion on the 

classification of gig workers focuses on platform workers, because the platforms can 

be seen as the employers of gig workers. Local gig platforms are emphasised as they 

often have more control over their workers, and the nature of work in local labour 

platforms is more similar to work often done as employees. Furthermore, in local gig 

platforms as opposed to online labour platforms, workers are not scattered around the 

world, which makes legislating these platforms more manageable. 
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6 CONCLUSIONS 

The gig economy is a growing, complex, and dynamic phenomenon. It has posed 

numerous challenges for researchers and policy makers alike. It is currently in a state 

of flux and understanding the trends in the rapidly evolving research climate is 

difficult. This thesis has aims to address this difficulty by using topic modelling to find 

latent topics in the literature, and to analyse the topics and trends to find opportunit ies 

for future research. 

This thesis has successfully identified 16 distinct research topics from 1417 scientific 

articles about the gig economy gathered from the Web of Science database. The topics 

highlight the complexity of the gig economy as a phenomenon and the research around 

it. The topics are shaped by multidisciplinary research from various research areas 

including economics, law, and management. Themes such as discrimination in the gig 

economy, health effects of gig work, trade mechanisms in labour platforms, and 

recruiting gig workers are captured in the topics. Furthermore, the trends in the topics 

reveal an increase in attention to local gig platforms. The topics and trends identified 

in this thesis help researchers and policy makers among others, in outlining the 

complex, multidisciplinary, and dynamic literature on the gig economy. Furthermore, 

the analysis helps in finding gaps to address in future research. 

The scientific research has followed the trends in the development of the gig economy. 

Until very recently, scientific literature on the gig economy has been scarce. Early 

research focused on the informal economy and started to explore the effects of the 

internet for recruiting and job search after the turn of the century. In the last roughly 

ten years, the scientific research on the gig economy has drastically increased. In 2011, 

the interest on the online labour market surged after Horton et al. (2011) demonstrated 

the power of online labour markets in conducting experiments. After the advent of 

local gig platforms, the gig economy received even more widespread attention. 

The emergence of local gig platforms is also reflected on the topics found in this thesis . 

The increase in on-site gig work mediated through platforms, such as Uber and 

Doordash, has gathered attention from researchers and affected the topics discussed in 
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the literature. Gig work and its precarity has become more visible in everyday lives 

especially in the western world, where the scientific literature is mostly conducted. 

The most prominent topic in the most recent gig economy literature focuses on Covid-

19 and food delivery. The pandemic had substantial effects on the gig economy. On-

demand-food-delivery increased rapidly in popularity. For many gig workers, the 

precarity of their work was realised as their incomes dropped instantly. Some reached 

for the gig economy to compensate for their decreased earnings. Lockdown policies 

and voluntary social distancing as well as the rise in unemployment increased the 

attraction of online labour platforms, which could substitute for physical migrat ion. 

Despite the increasing attention on the Covid-19, there is yet to be much research on 

the effects of the pandemic on the gig economy. 

Local labour platforms have also spurred the interest in algorithmic management and 

control. Recent research has discussed the algorithms used in especially local labour 

platforms. In local gig platforms work is often homogenous, and algorithms can be 

used to efficiently match supply with demand. Furthermore, algorithms are used to 

monitor, and discipline workers, confirm their identity, and remunerate for their work. 

The effects of algorithmic management for workers are multifaceted, and workers’ 

perception of algorithmic control depend on various factors. The extensive literature 

on algorithmic management is not a focus in economic research. Yet, this thesis has 

demonstrated how understanding algorithmic management more profoundly can also 

help economists, for example, in addressing the question of worker classification in 

the gig economy. 

One of the most notable changes is on the discussion about the legal taxonomy of 

workers. Before local gig platforms became widespread, the discussion revolved 

around high- income professionals working as contractors to avoid taxes. Now, 

emphasis is on workers’ rights especially in individual labour law, but also in 

collective labour law. The question on the classification of gig workers is topical and 

prompts possible questions for further research. The economic justification for 

minimum wage and collective bargaining is in the possibility of monopsonist firms to 

exploit workers. The discussion on whether gig workers should enjoy employee rights 

is then a discussion on whether gig platforms can work as a monopsonist. There is 
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little literature on measuring monopsony in the gig economy. However, early evidence 

suggests that monopsony exists at least in online labour markets (Dube et al., 2018). 

This thesis is, by no means, without limitations. Despite being an efficient method for 

quickly reviewing a large body of research, topic modelling should only be used as a 

tool rather than a complete solution. The bag-of-words approach used in the topic 

model implemented in this thesis is efficient, but it can only find topics talking about 

the same topic using the same words. It cannot understand too abstracts themes or what 

is said about each topic. Also, even relatively small changes in pre-processing steps 

can result in different outcomes in topic modelling. Falsely identifying the essence of 

topics can also lead to false interpretations. In this thesis, the pre-processing steps as 

well as the procedure behind choosing the appropriate number of topics are 

documented and justified based on previous literature. In interpreting the topics, 

various measures including titles, abstracts, most frequent words, and sometimes also 

the complete texts of the articles were used to understand the essence of the topics. 

Furthermore, traditional literature review was used to further analyse trends and key 

themes in recent research interests. This thesis, despite defining gig work quite 

broadly, focuses mainly on platform work as does majority of the literature. In many 

countries self-employment and zero-hour contracts are on the rise. Additiona lly, 

various casual forms of gig labour are increasing in popularity. The context and 

underlying trends shaping the gig economy are assessed in chapter two. 

The gig economy is currently under flux, and future research is shaped by the ongoing 

changes in the gig economy. Still, this thesis identified some possible directions for 

future research especially in economics. Literature on the effects of the Covid-19 

pandemic to worker participation in the gig economy is limited. So is the economic 

literature on the worker classification problem and the market structure of gig 

economies. The research on the gig economy is, however, shaped by the on-going 

changes in the phenomenon itself. 
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